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Abstract

The Ontology Alignment Evaluation Initiative (OAEI) aims at comparing ontology matching systems on precisely
defined test cases. These test cases can be based on ontologies of different levels of complexity and use different
evaluation modalities. The OAEI 2025 campaign offered 12 tracks and was attended by 20 participants. This paper
is an overall presentation of that campaign.

1. Introduction

The Ontology Alignment Evaluation Initiative' (OAEI) is a coordinated international initiative, which
organizes the evaluation of ontology matching systems [1, 2], and has been run for 20 years now. The
main goal of the OAEI is to compare systems and algorithms openly and on the same basis to allow
anyone to conclude the best ontology matching strategies. Furthermore, the ambition is that from
such evaluations, developers can improve their systems and offer better tools addressing the evolving
application needs.

The first two events were organized in 2004: (i) the Information Interpretation and Integration
Conference (I3CON) held at the NIST Performance Metrics for Intelligent Systems (PerMIS) workshop
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and (ii) the Ontology Alignment Contest held at the Evaluation of Ontology-based Tools (EON) workshop
of the annual International Semantic Web Conference (ISWC) [3]. Then, a unique OAEI campaign
occurred in 2005 at the workshop on Integrating Ontologies held in conjunction with the International
Conference on Knowledge Capture (K-Cap) [4]. From 2006 until the present, the OAEI campaigns were
held at the Ontology Matching workshop, co-located with ISWC [5, 6, 7, 8, 9, 10, 11, 12, 13, 14, 15, 16,
17, 18, 19, 20, 21, 22, 23], which this year took place in Nara, Japan.

Since 2011, we have been using an environment for automatically processing evaluations that was
developed within the SEALS (Semantic Evaluation At Large Scale) project.> SEALS provided a software
infrastructure to automatically execute evaluations and evaluation campaigns for typical semantic
web tools, including ontology matching. During 2017 to 2023, a novel evaluation environment called
HOBBIT [24] was adopted for the HOBBIT Link Discovery track, and later extended to enable the
evaluation of other tracks. Some tracks are run exclusively through SEALS and others through HOBBIT,
but several allow participants to choose their preferred platform. Since 2022, the MELT framework [25]
has been adopted to facilitate the SEALS and HOBBIT wrapping and evaluation. Since 2023, most tracks
have adopted MELT as their evaluation platform.

This paper synthesizes the 2025 evaluation campaign and introduces the results provided in the
participants’ papers. The remainder of the paper is organized as follows: in Section 2, we present the
overall evaluation methodology; in Section 3, we present the tracks and datasets; in Section 4 we present
and discuss the results; and finally, Section 5 discusses the lessons learned.

2. Methodology

2.1. Evaluation platforms

The OAEI evaluation was conducted in one of two alternative platforms: the SEALS client, or the MELT
framework. Both of them have the goal of ensuring reproducibility and comparability of the results
across matching systems. As of this campaign, the use of the SEALS client and packaging format is
deprecated in favor of MELT, with the sole exception of the Interactive Matching track (see Section 3.5),
as simulated interactive matching is not yet supported by MELT.

The SEALS client was developed in 2011. It is a Java-based command line interface for ontology
matching evaluation, which requires system developers to implement an interface and to wrap their
tools in a predefined way, including all required libraries and resources.

The MELT framework” [25] was introduced in 2019 and is under active development. It allows
the development, evaluation, and packaging of matching systems for evaluation interfaces like SEALS
or HOBBIT. It further enables developers to use Python or any other programming language in their
matching systems, which, beforehand, had been a hurdle for OAFEI participants. The evaluation client®
allows organizers to evaluate packaged systems whereby multiple submission formats are supported
(SEALS packages or matchers implemented as Web services). Starting from OAEI 2023, the MELT
framework also supports the SSSOM [26] format. Therefore, systems producing an alignment in the
SSSOM format can be evaluated as well.

All platforms compute the standard evaluation metrics against the reference alignments: precision,
recall, and F-measure. In test cases requiring different evaluation modalities, the evaluation was carried
out a posteriori, using the alignments produced by the matching systems.

2.2. Submission formats

As already mentioned above, two submission formats were allowed: (1) SEALS package, and (2) MELT.
With the increasing usage of other programming languages than Java and increasing hardware re-
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quirements for matching systems, since 2021, the MELT Web interface has been introduced to address
this issue. It mainly consists of a technology-independent HTTP interface® which participants can
implement as they wish. Alternatively, they can use the MELT framework to assist them, as it can be
used to wrap any matching system as a docker container that implements the HTTP interface.

Since 2024, we also allowed submission of alignment files in addition to the executable system in
case it requires substantial hardware or software resources.

2.3. OAEIl campaign phases

As in previous years, the OAEI 2025 campaign was divided into three phases: preparatory, execution,
and evaluation.

In the preparation phase, the test cases were provided to participants during an initial evaluation
period between June 30" and July 31%¢, 2025. The goal of this phase is to ensure that the test cases
make sense to the participants and give them the opportunity to provide feedback to organizers on the
test case, as well as potentially report errors. At the end of this phase, the final test base was frozen and
released.

During the subsequent execution phase, participants test and potentially develop their matching
systems to automatically match the test cases. Participants can self-evaluate their results either by
comparing their output with the reference alignments or by using either of the evaluation platforms.
They can tune their systems with respect to the non-blind evaluation as long as they respect the rules
of the OAEL Participants were required to register their systems by July 31° and make a preliminary
evaluation by August 31%¢. The execution phase was terminated on September 30, 2025, at which date
participants had to submit the (near) final versions of their systems.

During the evaluation phase, systems were evaluated by all track organizers. In case minor problems
were found during the initial stages of this phase, they were reported to the developers, who were
given the opportunity to fix and resubmit their systems. Initial results were provided directly to the
participants, whereas final results for most tracks were published on the respective OAEI web pages
before the workshop.

3. Tracks and Test Cases

This year’s OAEI campaign consisted of 12 tracks, all of them including OWL ontologies, while only
one also including SKOS thesauri. They can be grouped into:

— Schema matching tracks, which have as objective matching ontology classes and/or properties.

Instance matching tracks, which have as objective matching ontology instances.

Instance and schema matching tracks, which involve both of the above.

Complex matching tracks, which have as objective finding complex correspondences between
ontology entities.

Interactive tracks, which simulate user interaction to enable the benchmarking of interactive
matching algorithms.

The tracks are summarized in Table 1 and detailed in the following sections.

Shttps://dwslab.github.io/melt/matcher-packaging/web
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Table 1
Tracks in OAEI 2025.

testHformalism relations  confidence modalities language SEALS MELT
T-Box/Schema matching
anatomy|| OWL = [01] open EN vV vV
conference|| OWL = <= [01]  open+blind EN Vv
. ., AR, CZ,CN, DE, EN, ES,
multifarm|| OWL = [01]  open+blind FR. IT, NL. RU, PT, HI, TR vV
complex|| OWL = [01]  open+blind EN, ES
interactive|| OWL = <= [01] open EN Vv
bio-ML|| OWL = [01] open EN vV
circular economy|| OWL = [01] open EN vV
AR, DE, EN, ES, FR, HR,
dh|| SKOS = [01] open HU. IT. NL, SL vV
arch-multiling|| SKOS = [01] open DE, EN, FR, IT vV
beyond equivalence|| OWL = [01] open EN vV
Instance and schema matching
knowledge graph[] OWL = [01] open EN Vv
Instance matching or link discovery
. = <, >,
pharmacogenomics|| OWL Close, Related [01] open EN vV

3.1. Anatomy

The anatomy track comprises a single test case consisting of matching two fragments of biomedical
ontologies which describe the human anatomy’ (3304 classes) and the anatomy of the mouse® (2744
classes). The evaluation is based on a manually curated reference alignment. This dataset has been used
since 2007 with some improvements over the years [27].

Systems are evaluated with the standard parameters of precision, recall, F-measure. Additionally,
recall+ is computed by excluding trivial correspondences (i.e., correspondences that have the same
normalized label). Alignments are also checked for coherence using the Pellet reasoner. The evaluation
was carried out on a machine with a 5 core CPU @ 1.80 GHz with 16GB allocated RAM, using the
MELT framework. For some systems, the SEALS client has been used. However, the evaluation
parameters were computed a posteriori, after removing from the alignments produced by the systems,
correspondences expressing relations other than equivalence, as well as trivial correspondences in the
oboInOwl namespace (e.g., oboInOwl#Synonym = oboInOwl#Synonym). The results obtained with the
SEALS client vary in some cases by 0.5% compared to the results presented in Section 4.2.

3.2. Conference

The conference track consists of a suite of 21 matching tasks corresponding to the pairwise combination
of 7 moderately expressive ontologies describing the domain of organizing conferences. The dataset
and its usage is described in [28].

The track uses several reference alignments for evaluation: the old (and not fully complete) manually
curated open reference alignment, ral; an extended, also manually curated version of this alignment,
ra2; a version of the latter corrected to resolve violations of conservativity, rar2; and an uncertain
version of ral produced through crowd-sourcing, where the score of each correspondence is the fraction
of people in the evaluation group that agree with the correspondence. The latter reference was used in
two evaluation modalities: discrete and continuous evaluation. In the former, correspondences in the
uncertain reference alignment with a score of at least 0.5 are treated as correct whereas those with
lower score are treated as incorrect, and standard evaluation parameters are used to evaluated systems.

"https://www.cancer.gov/cancertopics/cancerlibrary/terminologyresources
$http://www.informatics.jax.org/searches/AMA_form.shtml
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In the latter, weighted precision, recall and F-measure values are computed by taking into consideration
the actual scores of the uncertain reference, as well as the scores generated by the matching system. For
the sharp reference alignments (ral, ra2 and rar2), the evaluation is based on the standard parameters,
as well the Fy 5-measure and Fa-measure and on conservativity and consistency violations. Whereas Fy
is the harmonic mean of precision and recall where both receive equal weight, Fy gives higher weight
to recall than precision and Fy 5 gives higher weight to precision higher than recall. The second test
case contains open reference alignment and systems were evaluated using the standard metrics.

Two baseline matchers are used to benchmark the systems: edna string edit distance matcher; and
StringEquiv string equivalence matcher as in the anatomy test case.

3.3. Multifarm

The multifarm track [29] aims at evaluating the ability of matching systems to deal with ontologies in
different natural languages. This dataset results from the translation of 7 ontologies from the conference
track (cmt, conference, confOf, iasted, sigkdd, ekaw and edas) into 12 languages: Arabic (ar), Chinese
(cn), Czech (cz), Dutch (nl), French (fr), German (de), Italian (it), Portuguese (pt), Russian (ru), Spanish
(es), Hindi(hi), and Turkish (tr). The dataset is composed of 55 pairs of languages, with 49 matching tasks
for each of them, taking into account the alignment direction (e.g., cmt.,, —>edasg. and cmty, —>edascy,
are distinct matching tasks). While part of the dataset is openly available, all matching tasks involving
the edas and ekaw ontologies (resulting in 55 x 24 matching tasks) are used for blind evaluation.

We consider two test cases: i) those tasks where two different ontologies (cmt—edas, for instance) have
been translated into two different languages; and ii) those tasks where the same ontology (cmt—cmt)
has been translated into two different languages. For the tasks of type ii), good results are not only
related to the use of specific techniques for dealing with cross-lingual ontologies, but also on the
ability to exploit the identical structure of the ontologies. This year, we report the results on different
ontologies (i).

The reference alignments used in this track derive directly from the manually curated Conference
ral reference alignments. In 2021, alignments have been manually evaluated by domain experts. The
evaluation is blind. The systems have been executed on a Windows machine configured with 16GB of
RAM running under a Intel Core CPU 2.00GHz x8 cores. The evaluation was performed using the MELT
platform. Every participating system was executed in its standard setting and we compare precision,
recall and F-measure as well as the computation time.

3.4. Complex Matching

The complex matching track is meant to evaluate the matchers based on their ability to generate complex
alignments. A complex alignment is composed of complex correspondences typically involving more
than two ontology entities, such as o1 :AcceptedPaper = oy:Paper 1N Joz:hasDecision.os:Acceptance.

The track ran with eight datasets: Conference and Populated Conference, Hydrography, GeoLink
and Populated GeoLink, Populated Enslaved, and Biomedical, a new dataset introduced this year for
complex multi-ontology matching.

The Conference dataset comprises three ontologies: cmt, conference, and ekaw from the conference
dataset. The reference alignment was created as a consensus between experts. To allow matchers which
rely on instances to participate over the Conference complex track, the Populated Conference dataset
is composed of 5 conference ontologies populated with more or less common instances, resulting in
6 datasets: (6 versions on the repository: v0, v20, v40, v60, v80 and v100). Details on the population
and evaluation modalities are available.” The Hydrography dataset is composed of four tasks, where
four source ontologies (Hydro3, HydrOntology_native, HydrOntology_translated, and Cree) are aligned
with a single target ontology, the Surface Water Ontology (SWO). The GeoLink dataset includes a
single matching task between the GeoLink Base Ontology (GBO) and the GeoLink Modular Ontology
(GMO) [30]. The Populated GeoLink dataset is based on the previous one and adds instance data from

*https://framagit.org/IRIT_UT2]/conference-dataset-population
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seven data repositories in the GeoLink project [31]. The Populated Enslaved dataset is composed
of two ontologies, the Enslaved Ontology and the Enslaved Wikidata Knowledge Graph, where the
instance data originates from the Wikidata repository and the consensus was obtained from domain
experts from several historian research institutions [32]. The Biomedical dataset is a new addition
this year for the specific task of complex multi-ontology matching, and it is based on the existing
logical definitions from three different biomedical ontologies: the Human Phenotype ontology (HP), the
Mammalian Phenotype ontology (MP), and the Worm Phenotype ontology (WBP) [33]. Both HP and
MP have the same set of target ontologies: Cell ontology (CL), Chemical Entities of Biological Interest
(ChEBI), Gene Ontology (GO), Phenotype and Trait Ontology (PATO), and Uber Anatomy Ontology
(UBERON). WBP uses ChEBI, GO, PATO, and the C.elegans Gross Anatomy Ontology (WBbt).

The participants of the track output their (complex) correspondences in the EDOAL format. For the
Conference dataset, the complex correspondences are manually compared to the ones of the consensus
alignment. Three new evaluation strategies were debuted this year: Class evaluation [34], Graph Edit
Distance [35], and Tree Edit Distance [36], which were run in the remaining tasks.

3.5. Interactive Matching

The interactive matching track aims to assess the performance of semi-automated matching systems by
simulating user interaction [37, 38, 39]. The evaluation thus focuses on how interaction with the user
improves the matching results. Currently, this track does not evaluate the user experience or the user
interfaces of the systems [40, 38].

The interactive matching track is based on the datasets from the Anatomy and Conference tracks,
which have been previously described. It relies on the SEALS client’s Oracle class to simulate user
interactions. An interactive matching system can present a collection of correspondences simultaneously
to the oracle, telling the system whether that correspondence is correct or not. If a system presents
up to three correspondences together and each correspondence presented has a mapped entity (i.e.,
class or property) in common with at least one other correspondence presented, the oracle counts this
as a single interaction, under the rationale that this corresponds to a scenario where a user is asked
to choose between conflicting candidate correspondences. To simulate the possibility of user errors,
the oracle can be set to reply with a given error probability (randomly, from a uniform distribution).
We evaluated systems with four different error rates: 0.0 (perfect user), 0.1, 0.2, and 0.3. In addition to
the standard evaluation parameters, we also compute the number of requests made by the system, the
total number of distinct correspondences asked, the number of positive and negative answers from the
oracle, the performance of the system according to the oracle (to assess the impact of the oracle errors
on the system) and finally, the performance of the oracle itself (to assess how erroneous it was).

The evaluation was carried out on a server with 3.46 GHz (6 cores) and 8GB RAM allocated to the
matching systems. For systems requiring more RAM, the evaluation was carried out on a computer
with an AMD Ryzen 7 5700G 3.80 GHz CPU and 32GB RAM, with 10GB of max heap space allocated
to Java. Each system was run ten times and the final result of a system for each error rate represents
the average of these runs. For the Conference dataset with the ral alignment, precision and recall
correspond to the micro-average over all ontology pairs, whereas the number of interactions is the total
number of interactions for all the pairs.

3.6. Bio-ML

The Bio-ML track [41] incorporates equivalence ontology matching (OM) tasks for biomedical ontologies,
with ground truth (equivalence) mappings extracted from Mondo [42] and UMLS [43] (see Table 2).
Mondo aims to integrate disease concepts worldwide, while UMLS is a meta-thesaurus for the biomedical
domain. Based on techniques (ontology pruning, subsumption mapping construction, negative candidate
mapping generation, etc.) proposed in [41], we make available five OM pairs with their information
reported in Table 3. Each OM pair is accompanied with equivalence matching tasks; each matching task
has two data split settings, i.e., unsupervised setting with no training mappings, and semi-supervised



Table 2
Information of the source ontologies used for creating the OM datasets in Bio-ML.

l Mapping Source [ Ontology [ Ontology Source & Version [ #Classes

OMIM Mondo" 44,729

Mondo ORDO BioPortal, v3.2 14,886
NCIT BioPortal, v18.05d 140,144

DOID BioPortal, 2017-11-28 12,498

SNOMED UMLS, US.2021.09.01" 358,222

UMLS FMA BioPortal, v4.14.0 104,523
NCIT BioPortal, v21.02d 163,842

Table 3
Information of each OM dataset in Bio-ML, where the numbers of equivalence and subsumption reference
mappings are reported in #Refs(=) and #Refs (C), respectively.

l Mapping Source ‘ Ontology Pair ‘ Category ‘ #Refs (=) ‘ #Refs (C) ‘

Mondo OMIM-ORDO Disease 3,721 103
NCIT-DOID Disease 4,684 3,339

SNOMED-FMA Body 7,256 5,506

UMLS SNOMED-NCIT Pharm 5,803 4,225
SNOMED-NCIT Neoplas 3,804 213

setting with 30% ground truth mappings for training/validation. Since the 2023 edition, Bio-ML has
added a logical module enrichment [44] to add entities to the pruned ontologies to provide more context
for alignment, annotated as “not used in alignment” and ignored in evaluation. For evaluation, in [41] we
proposed both global matching and local ranking; the former aims to evaluate the overall performance
by computing Precision, Recall, and F1 metrics for the output mappings against the reference mappings,
while the latter aims to evaluate the ability to distinguish the correct mapping out of several challenging
negatives by ranking metrics Hits@K and MRR.

We adopted a flexible way of evaluating participating systems. First, participants can freely choose
any tasks and settings they would like to attend. Second, for systems that have been well-adapted to
the MELT platform, we used MELT to produce the output mappings. Third, for systems that have been
implemented elsewhere and are not easy to be made compatible with MELT, we used their source code.
Fourth, we also allowed participants (with trust) to directly upload output mappings if their systems had
not been published and had not been made compatible with MELT. In the final result tables, we used
superscripts T, ¥, and * to indicate that the results came from MELT, source code implementation, and
direct result submission, respectively. All our evaluations were conducted with the DeepOnto'? [45]
library.

3.7. Digital Humanities

The use of controlled vocabularies is widespread within the digital humanities (DH) [46]. The develop-
ment and usage of these vocabularies by different parties in related domains naturally leads to overlaps
in content [2]. While ontology matching helps with alignment and integration tasks, the application of
these systems to the digital humanities poses special challenges. Highly specific domain terminology
often leads to smaller vocabularies, which oftentimes include multiple (ancient) languages. Furthermore,
matching systems need to be compatible with SKOS vocabularies, since their use is fairly common
within the community.

The DH track participated for the second time. It includes eight test cases from archaeology, cultural
history and DH / computer science. Each test case consists of two SKOS (using RDF/XML as syntax)
vocabularies to be matched and one manually created gold standard reference. For details on the nine
source vocabularies and on the test cases, see Table 4 and Table 5.

%Created from OMIM texts by Mondo’s pipeline tool avaiable at: https://github.com/monarch-initiative/omim.
"'Created by the official snomed-owl-toolkit available at: https://github.com/IHTSDO/snomed-owl-toolkit.
Zhttps://krr-oxford.github.io/DeepOnto/#/
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Table 4
Controlled vocabularies used for the digital humanities (dh) track.

Resource Field" Version / Date #concepts'’  language (ISO 639)
DEFC Thesaurus" Archaeology - ~800 de,en, la
PACTOLS thesau:’:xs Archaeology - /2021-05-18 ~60,000 ar, de, en, es, fr, it, nl
for archaeology
Iron-Age-Danube thesaurus'’ Archaeology 1/2018-11-07 ~6900 de, en, hr, hu, sl
iDALworld Thesaurus™ Arch. / cult. hist.  1.2/2022-02-10 ~290 de, en, es, fr, it
PARTHENOS Vocabularies' Arch. / cult. hist. -/ 2019-05-07 ~4200 en
OeAl Thesaurus - Cultural Time Periods™  Cultural history ~ 1.0.0 / 2022-11-23  ~400 de, en
DHA Taxonomy”' DH/CS -/ 2018-04-03 ~120 en
UNESCO* DH/CS -/ 2024-06-03 ~4500 ar, en, fr, es, ru
TaDiRAH” DH/CS 2.0.1/2021-07-22  ~170 de, en, es, fr, it, pt, sr
Table 5
Properties of the digital humanities (dh) track.
Domain Source (#terms”") Target (#terms) #True Positives
DEFC (800) PACTOLS (70) 1
Archacology iDAI (2600) PACTOLS (70) 18
Iron-Age-Danube (290)  PACTOLS (70) 6
PACTOLS (70) PARTHENOS (800) 13
. iDAI (270 PARTHENOS (200 53
Cultural History OeAl((400)) PARTHENOS Ezoo; 48
DH / CS DHA (115) UNESCO (490) 12
TaDiRAH (170) UNESCO (490) 16

The evaluation was executed on a virtual machine with 8 cores (2.4GHz each) and 16 GB RAM. To
quantify the performance, precision, recall and F1-score were used, while only evaluating equivalence
relationships. If matching systems resulted in either errors or zero identified matches, the task was
considered as failed. Adhering to the OAEI rules, no settings were changed before running the matching
systems.

3.8. Archaeology Multilingual

The archaeology multilingual track is based on an archaeology test case of the digital humanities track,
see Section 3.7, with focus on evaluating matcher performance when dealing with different languages.

Like the DH track, this track participated for the second time. Each test case uses iDAL.world and
PACTOLS (see Table 4 for more information) as source resp. target. Both vocabularies contain terms in
English, French, German, and Italian. To create the ten test cases, all but one language were removed
from both vocabularies, leading to 10 different test cases, consisting of two monolingual vocabularies
and a manually created gold standard reference.

The evaluation modalities are identical to ones in the digital humanities track, see Section 3.7.

BThis is the field to which the CV was grouped within our dataset.

"This is the number of concepts in the primary language of the CV before any preprocessing steps.
Bhttps://vocabs.dariah.eu/defc_thesaurus/en/
'Shttps://isl.ics.forth.gr/bbt-federated-thesaurus/PACTOLS/en/
"https://vocabs.dariah.eu/iad_thesaurus/en/
https://isl.ics.forth.gr/bbt-federated-thesaurus/DAI/en/
Yhttps://vocabs.dariah.eu/parthenos_vocabularies/en/
®https://vocabs.acdh.oeaw.ac.at/oeai-cp/en/
*'https://vocabs.dariah.eu/dha_taxonomy/en/
*https://vocabularies.unesco.org/browser/thesaurus/en/
Bhttps://vocabs.dariah.eu/tadirah/en/

*The number of terms varies depending on the branch used for the respective domain.
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3.9. Circular Economy

Inrecent years, the Circular Economy (CE) domain has shown interest in representing domain knowledge
using ontologies. Since there are some existing CE-specific ontologies with more emerging, providing
alignments among ontologies can enhance the interoperability and reusability of such ontologies. The
circular economy track was proposed since 2024, and included 2 tasks in this year. In both tasks
CE-specific ontology is matched to the Circular Economy Ontology Network (CEON) [47]. The first task
is to match CEON to the Sustainable Bioeconomy and Bioproducts Ontology (BiOnto) [48]. The second
task is to match CEON to materials domain ontology, MatOnto [49]. CEON (including 214 classes) from
the Onto-DESIDE project,?” aims to represent core concepts for the CE domain [47]. BiOnto (including
780 classes) from the BIOVOICES project,?® focuses on establishing a shared and common terminology
in the bioeconomy domain. MatOnto (848 classes) covers the materials domain. Materials are a central
concept in circular value networks. In all, using BiOnto or MatOnto different stakeholders participating
circular value networks can provide information according to ontologies [50].

The evaluation was conducted over standard parameters which are precision, recall, f-measure and
alignment size. The reference alignment for the matching task was initially done in [51, 52] and further
validated by ontology engineers and CE domain experts from Onto-DESIDE project. The results is
presented in Section 4.10.

3.10. Beyond Equivalence

This is the first time the Beyond Equivalence track is being organized. The goal of this track is to
evaluate the ability of ontology matching systems to detect correspondences beyond simple equivalence.
Specifically, systems are tasked with identifying five mutually disjoint relation types: Equivalence (=),
Superclass_of (<), Subclass_of (>), Overlap (=), and Disjointness (_L).

Benchmark data for the track is drawn from two main sources. First, a variety of industrial product
classification schemes (e.g., GPC,?”” UNSPSC,?® ETIM,?, and eClass*’), collectively referred to as “Product
Classification Standards”. Second, a diverse set of test-cases derived from the STROMA/TaSeR [53, 54]
repository, consists of d 5 datasets: gl-web, g2—diseases, g3—text, g5—groceries, and g7-literature.
Altogether, the benchmark suite comprises multiple datasets of varying size, structure, and semantic
complexity; in each case the reference alignments are annotated with explicit relation types beyond
simple equivalence. Table 6 presents the statistic information of the datasets.

Beyond Equivalence track encourages the development of more powerful and semantically-aware
matching systems — in line with applications such as knowledge-graph merging, master data integra-
tion, and semantic search, where ontologies frequently differ in granularity, structure, or conceptual
perspective.

3.11. Knowledge Graph

The Knowledge Graph track was run for the fifth year. The task of the track is to match pairs of
knowledge graphs whose schema and instances have to be matched simultaneously. The individual
knowledge graphs are created by running the DBpedia extraction framework on eight different Wikis
from the Fandom Wiki hosting platform®! in the course of the DBkWik project [55, 56]. They cover
different topics (movies, games, comics, and books) and three Knowledge Graph clusters sharing the
same domain e.g., star trek, as shown in Table 7.

The evaluation is based on reference correspondences at both schema and instance levels. While the
schema-level correspondences were created by experts, the instance correspondences were extracted

Bhttps://ontodeside.eu
*https://www.biovoices.eu
*https://gpc-browser.gs1.org/
Shttps://www.undp.org/unspsc
Phttps://www.etim-international.com/
*https://eclass.eu/en/
*https://www.wikia.com/
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